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- Preface - 
  

RecenWl\, VcienWific diVcoXrVe in arWificial inWelligence and daWa Vcience haV focXVed on            
e[plainable AI (XAI) ZiWh reVpecW Wo algoriWhmic WranVparenc\, inWerpreWabiliW\, accoXnWabiliW\          
and finall\ e[plainabiliW\ of algoriWhmic modelV and deciVionV. In machine learning,           
approacheV can be claVVified aV ZhiWe-bo[ and black-bo[. WhiWe-bo[ approacheV, VXch aV rXle             
learnerV and indXcWiYe programming, reVXlW in e[pliciW modelV Zhich are inherenWl\           
inWerpreWable (RXdin, 2019). On Whe oWher hand, black-bo[ approacheV, VXch aV (deep) neXral             
neWZorkV, reVXlW in opaqXe modelV. For WhiV Vecond W\pe of modelV, oYer Whe laVW \earV,               
differenW approacheV for e[-poVW e[planaWion generaWion haYe been propoVed. 

In WhiV ZorkVhop, Ze ZanW Wo bring WogeWher reVearch from inWerpreWable and e[planaWor\             
machine learning. InWerpreWable ML can profiW from recenWl\ propoVed e[planaWion generaWion           
WechniqXeV Wo make comple[ learned modelV more comprehenVible, eVpeciall\ Wo end-XVerV           
(MXggleWon, Schmid eW al., 2018; F�rnkran], Kliegr, PaXlheim, 2020; LonjarreW eW al., 2020).             
In parWicXlar, inWerpreWable learning can be inWegraWed inWo Whe conVWrXcWion of comple[            
modelV, e.g., for gXiding Wheir conVWrXcWion (AW]mXeller eW al., 2017), aV Zell aV Wo refine Whe                
reVpecWiYe model (Weidner, AW]mXeller, Seipel, 2019). FXrWhermore, iW can proYide rich           
rXle-baVed WechniqXeV Wo generaWe inWerpreWable VXrrogaWe modelV for black-bo[ learnerV          
(Schmid, 2018). SXch VXrrogaWe modelV can be global modelV generaWed b\ rXle-e[WracWion            
mechaniVmV (HaileVilaVVie, 2016) or local modelV Zhich alloZ richer local e[planaWionV Whan            
Vimple linear rXleV aV, for inVWance, propoVed b\ LIME (Rabold eW al., 2019). AlVo, a fronWier                
direcWion iV inYeVWigaWing pV\chological phenomena WhaW can affecW Whe XnderVWanding of           
machine learning modelV, VXch aV cogniWiYe biaVeV and conYerVaWional ma[imV (Kliegr,           
Bahnik, F�rnkran], 2018). ThiV inWerdiVciplinar\ inVpiraWion, VXch aV debiaVing WechniqXeV          
long VWXdied b\ pV\chologiVWV, Zill hopefXll\ conWribXWe Wo a beWWer comprehenVibiliW\ of Whe             
reVXlWV of modelV creaWed b\ Whe ne[W generaWion of machine learning algoriWhmV. 

XI-ML (E[plainable and InWerpreWable Machine Learning) aimV aW bringing WogeWher reVearch           
from inWerpreWable and e[plainable machine learning. HopefXll\, inWegraWing boWh areaV,          
alloZV neZ perVpecWiYeV on qXeVWionV on appropriaWe learning formaliVmV, inWerpreWaWion and           
e[planaWion WechniqXeV, Wheir meWricV, aV Zell aV Whe reVpecWiYe aVVeVVmenW opWionV ariVe. 
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The firVW ediWion of Whe XI-ML (E[plainable and InWerpreWable Machine Learning) ZorkVhop            
ZaV held on SepWember 21, 2020 aW Whe 43rd German Conference on ArWificial InWelligence,              
Bamberg, German\. The ZorkVhop ZaV deYoWed Wo Whe diVcXVVion of Whe WopicV menWioned             
aboYe. IW aimed Wo proYide an inWerdiVciplinar\ forXm Wo inYeVWigaWe fXndamenWal iVVXeV in             
e[plainable and inWerpreWable machine learning aV Zell aV Wo diVcXVV recenW adYanceV, WrendV,             
and challengeV in WheVe areaV. From 8 VXbmiVVionV (6 fXll and WZo VhorW paperV), 5 fXll paperV                 
and Whe WZo VhorW paperV Zere accepWed for preVenWaWion in a comprehenViYe reYieZ proceVV. 

The remaining parW of Whe YolXme preVenWV reYiVed YerVionV of paperV WhaW Zere diVcXVVed              
dXring Whe ZorkVhop. BoVWr|m eW al. diVcXVV in Wheir paper aboXW hoZ Wo e[plain mXlWiYariaWe               
Wime VerieV forecaVWing, in an applicaWion Wo predicWing Whe SZediVh GDP. Ne[W, MXcha eW al.               
preVenW a poViWion paper on hoZ Wo conVWrXcW parWicipaWor\ deVign VpaceV for Whe conWe[W of               
e[plainable AI inWerfaceV in e[perW domainV. AfWer WhaW, VolkerW diVcXVVed hoZ Whe applicaWion             
of Whe TED (Teaching E[planaWionV for DeciVionV) e[plainable AI frameZork and Whe impacW             
of claVV (im-)balance. FleiVV, Blck and Thalmann preVenW a VhorW paper on empirical reVXlWV in               
Whe conWe[W of recrXiWing - aboXW e[plainabiliW\ and Whe inWenWion Wo XVe AI-baVed             
conYerVaWional agenWV. PoW\ka addreVVeV foXndaWional iVVXeV WoZardV VolYing claVVificaWion         
problemV ZiWh qXanWiWaWiYe abVWracW argXmenWaWion. MollenhaXer and AW]mXeller preVenW an          
approach for VeqXenWial e[cepWional paWWern diVcoYer\ XVing paWWern-groZWh (SEPP) - aV Whe            
baViV of an e[WenVible frameZork for inWerpreWable machine learning on VeqXenWial daWa. SXn,             
ChakraborWi and Noble diVcXVV reVXlWV of a comparaWiYe VWXd\ of e[plainer modXleV in Whe              
conWe[W of aXWomaWed Vkin leVion claVVificaWion. 
Finall\, Marcin P. Joachimiak (EnYironmenWal GenomicV and S\VWemV Biolog\ DiYiVion,          
LaZrence Berkele\ LaboraWor\) kindl\ agreed Wo preVenW a ke\noWe enWiWled ³HoZ Wo Weach a              
compXWer Wo learn aboXW microbeV ZiWh KG-COVID-19´. ThiV Walk inWrodXced a neZ reVoXrce             
WhaW amalgamaWeV SARS-CoV-2 relaWed biological knoZledge from mXlWiple Vpeciali]ed         
knoZledge graphV and onWologieV. WiWh oYer 10 million nodeV, iW iV one of Whe largeVW (if noW                 
Whe largeVW) reVoXrceV of WhiV kind. In hiV Walk, Dr. Joachimiak demonVWraWed Whe XWiliW\ of WhiV                
reVoXrce for machine learning, emphaVi]ing Whe need for e[plainable WechniqXeV. 
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