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* Motivation
* Online novel recommendation 1s an important but underexplored task
* Repeated interactions with a novel are common
* Interactions between users and novels are informative
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Repeated interactions with a Novel An 1nteraction 1s informative
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Conclusion

* A new online novel recommendation dataset 1s built and 1s released for public.

* Our NovelNet 1s effective. Both modeling repeat interaction behavior and encoding
interactions at a fine-grained level are useful.




